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Abstract
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anticipations, plans, or expectations. For several years the Office of Business Economics - Securities and
Exchange Commission carried out surveys on expected expenditures on new plant and equipment. In recent
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usefulness of these intentions data for forecasting, among them Okun [16,17], and Jorgenson, Hunter, and
Nadiri [9],
Disciplines
Agribusiness | Business Administration, Management, and Operations | Econometrics | Economic Theory
This report is available at Iowa State University Digital Repository: http://lib.dr.iastate.edu/econ_las_staffpapers/98
USE OF PLANTING INTENTIONS TO PREDICT
ACTUAL PLANTINGS
George W. Ladd
and
Yodying Kongtong
No. 86
October, 1978
George W. Ladd is a professor of economics at Iowa State
University, and Yodying Kongtong is a former graduate student at
Iowa State University now employed by the Ministry of Commerce of
Thailand.
USE OF PLANTING INTENTIONS TO PREDICT
ACTUAL PLANTINGS
A number of economists have studied the forecasting value of various
sorts of subjective variables: anticipations, plans, or expectations. For
several years the Office of Business Economics - Securities and Exchange
Commission carried out surveys on expected expenditures on new plant and
equipment. In recent years this survey has been carried out by the Bureau
of Economic Analysis. Several people have analyzed the usefulness of these
intentions data for forecasting, among them Okun [16,17], and Jorgenson,
Hunter, and Nadiri [9],
McGraw-Hill collects data from businessmen on their anticipated invest
ment, sales and capacity for the next one to four years. Recently Rippe
and Wilkinson [20] studied the forecasting accuracy of these anticipatory
data. In the late 1950*s, Keezer, Ulin, Greenwald, and Matulis [11] and
Levine [13] analyzed the use of these data in forecasting.
Since 1953 the University of Michigan Suvey Research Center has
published a quarterly series on Index of Consumer Sentiment, an index that
measures consumer anticipations about future economic conditions. From 1953
through 1966 the Center also published data on consumer intentions to buy
automobiles and durable goods. From 1959 through 1966 the Census Bureau
published a Survey of Consumer Intentions, and since 1966 it has published
a series on Consumer Buying Expectations. Juster and Wachtel [10] studied
the usefulness of the measures of consumer anticipations and intentions to
buy for forecasting purposes. A number of others have also analyzed the
usefulness of these subjective data for forecasting purposes; for example,
Burch and Stekler [2] and Mueller [15].
Brown [1], Lovell and Hirsch [14], Orr [18] and Pashigian [19] studied
the forecasting value of data on anticipated sales and inventories. The
findings from these studies are mixed. Results vary with time periods
studied; ways of using subjective anticipations, expectations or plans for
forecasting; forecasting methods that are compared with subjective fore
casts; and variables forecasted. One intriguing result from some of the
studies is that the better forecast is made by using subjective data and
objective data together than is made by using either alone.
Evans devotes chapter 15 of his book [3] to use of anticipations data
in forecasting. He discusses consumer attitudes and buying plans, invest
ment, sales, and inventory anticipations.
PURPOSE
The U.S. Department of Agriculture reports farmers' prospective
plantings of various crops [26]. For some 25 years it has reported March 1
intended plantings. The forecasting value of these data has not been
systematically explored. The purpose of the research reported here was to
investigate the usefulness of the March 1 intended acres for predicting
actual acres planted. Consider a person concerned with forecasting number
of acres planted to a crop. Late in year t or early in year t+1, in order
to forecast number of acres planted in year t+1 he can use such objective
data as acres planted and prices in year t, and government programs in year
t+1. After the March 1 planting intentions are known, how should he effi
ciently use these subjective data to forecast? Should he continue to use
the same equation he used earlier; the one containing only objective data?
Should he simply use a simple regression of actual acres on intended acres
to predict actual acres for t+1 from intended acres for t+1? Should he use
a forecasting equation that contains intended acres and objective data? Our
purpose was to provide answers to these questions.
REGRESSION ANALYSIS
Procedure
We selected six crops for analysis; corn, soybeans, sorghum, oats,
barley, and wheat. For each crop, four equations were estimated. In each
equation, number of acres planted to the crop in year t(APC^) was the
dependent variable. A description of all variables used is in Table 1.
Table 2 lists variables included in each equation. The data were obtained
from various U.S.D.A. publications [5,24,25,26].
Equation 1 is an equation such as a forecaster might use late in period
t or early in t+1 to forecast acres planted in year t+1. Equation 1 is
based on the Houck et al. [5] study of effect of government programs on crop
acreage and its predecessor studies [Houck and Ryan 6; Houck, Ryan and
Subotnik 7; Houck and Subotnik 8; and Ryan and Abel 21,22,23]. In equations
for APC^, these investigators included acres planted to competitive crops
as independent variables. We replaced these variables by measures of
government programs for the same competitive crops. The work of Hazell and
Scandizzo [4] leads to the hypothesis that acres planted depends upon yields
per acre. Equation 1 therefore contains measures of yields per acre: "expected
yields per acre." Expected yields were computed from regression equations.
Let YC^ be yield of crop C in time t and YEC^ be expected yield in time t.
For each crop three equations were estimated:
. ^^t-l + -0
YCj. = t + b2 + bp
Table 1. Variables Used in Study
Variable
Name^'
AIBY
AICN
AIGM
AIOT
AISB
AIWT
APBY
APCN
APGM
APOT
APSB
APWT
DPCN
DPGM
DPWT
DVEIGH
DVSIX
PBY
PCN
PGM
Unit of
Measure
thousand acres
$ per bushel
$ per bushel
$ per bushel
0; 1952-1967
1; otherwise
0; 1952-1965
1; otherwise
$ per bushel
$ per cwt.
Description
March intended acreage of barley
March intended acreage of corn
March intended acreage of sorghum
March intended acreage of oats
March intended acreage of soybeans
March intended acreage of wheat
Planted acreage in barley
Planted acreage in com
Planted acreage in sorghum
Planted acreage in oats
Planted acreage in soybeans
Planted acreage in wheat
Diversion payment rates for corn
Diversion payment rates for sorghum
Diversion payment rates for wheat
Dummy variable to account for a change
in oat supply response.
Dummy variable to account for a change in
the method of calculating direct
support pa)^ents in 1966 and thereafter
Barley market price received by farmers
Corn market price received by farmers
Sorghum market price received by farmers
Table 1. Cont'd.
Variable
Name
POT
PSB
PWT
PFBY
PFCN
PFCT
PFGM
PFOT
PFSB
PFWT
PIBY
PiCN
PIGM
PIOT
PSSB
YBY
Unit of
Measure
$ per bushel
$ per pound
$ per cwt.
$ per bushel
$ per bushel
$ per cwt.
$ per bushel
$ per bushel
bushels per
acre
Description
Oat market price received by farmers
Soybean market price received by
farmers
Wheat market price received by
farmers
Weighted support loan rate for barley
Weighted support loan rate for corn
Weighted support loan rate for cotton
Weighted support loan rate for sorghum
Weighted support loan rate for oats
Weighted support loan rate for soybeans
Weighted support loan rate for wheat
Supply inducing price for barley
(PFBY for years 1952-1971;
PBY^_^ for years 1972-1974)
Supply inducing price for corn
(PFCN for years 1952-1971;
PCN^ ^ for years 1972-1974)
Supply inducing price for sorghum
(PFGM for years 1952-1971;
PGM^^for years 1972-1974)
Supply inducing price for oats
(PFOT for years 1952-1971;
POTj, for years 1972-1974)
Soybean price support loan rate
Actual yield of barley
Table 1. Cont'd.
Variable
Name
YCN
YCT
YGM
YOT
YSB
YWT
YEEY
YECN
YECT
YEGM
YEOT
YESB
YEWT
T52
T67
Unit of
Measure
bushels per
acre
pounds per
acre
b.ushels per
acre
pounds per
acre
bushels per
acre
Description
Actual yield of corn
Actual yield of cotton
Actual yield of sorghum
Actual yield of oats
Actual yield of soybeans
Actual yield of wheat
Expected yield of barley
Expected yield of corn
Expected yield of cotton
Expected yield of sorghum
Expected yield of oats
Expected yield of barley
Expected yield of wheat
Time trend, 1952 = 1, 1953 = 2,
1954 = 3...,
1952 = 1, 1953 = 2,..., 1967 = 16
0 in 1968, 1969,...,1974
a/—Subscripts t and t-1, which stand for current year and preceding year,
are omitted.
Table 2. Variables Included in Each Equation
Dependent
Variable
APCN.
APSB.
APGM.
Equation Independent Variables
PICN , DPCN , PSB , PSSB , PIGM , YECN ,
YESB^, YEGM^, DVSIX^,,
AICNt
(Indep. var. in Model 1) + (Indep. var.
in Model 2)
(Indep, var. in Model 3) + (AISB , AIGM )
PSB , PSSB , PICN , APSB , YESB , YECN
AISB.
(Indep. vari in Model 1) + (Indep. var. in
Model 2)
(Indep. var. in Model 3) + (AICN^)
PIGM , DPGM , PSB._-, PSSB , PFWT , PWT
PICN^, PFCN^, YEGH 7 YESB ^ YEWT , YECN "
YECT^, DVSIX
AIGM.
(Indep. var. in Model 1) + (Indep. var,
in Model 2)
(Indep. var. in Model 3) + (AISB^., AICN^,
AIWT^)
Table 2. Cont'd.
Dependent
Variable
APOT.
APBY
APWT.
Equation Independent Variables
PIOT , PIBY , PFWT , PWT YEOT ,
ii> L L t
YEBY^, YEWTj., DVEIGH, T67^, T67^
AIOT.
(Indep. var. in Model 1) + (Indep. var,
in Model 2)
(Indep. var. in Model 3) + (AIBY^, AIWT^)
PIBY , PIOT , PFWT , POT ., YEBY ,
Iv U
YEOT^, YEWT^, DVSIX , T52
t' t' t* t
AIBY.
(Indep. var. in Model 1) + (Indep. var,
in Model 2)
(Indep. var. in Model 3) + (AIOT ,AIWT )
t t
PFWT , DPWT , PWT -, PIOT , PIBY , YEWT.,
L* L-^jL ^ t t
YEOT , YEBY
I* !•>
AIWT.
(Indep. var. in Model 1) + (Indep. var. in
Model 2)
(Indep. var. in Model 3) + (AIOT^, AIBY^)
; , ' I • I
2The equation that provided the largest R was selected and YEC^ was computed
as the estimated value of YC^ from that equation.
In equation 2 the only independent variable is farmers' intended acreage
as of March 1.
Equation 3 contains all the independent variables of equation 1 plus the
independent variable of equation 2.
In equation 4 the independent variables are the independent variables
of equation 3, plus prospective plantings of competitive crops.
The five null hypotheses tested in this study are:
HqI: Equation 3 is not superior to equation 1
Hq2: Equation 3 is not superior to equation 2
Hq3: Equation 4 is not superior to equation 1
Hq4: Equation 4 is not superior to equation 3
Hq5: Equation 4 is not superior to equation 2
The hypotheses were tested by using F ratios. Consider the two regression
equations
1=1
n n+m
1=1 i=n+l
2 2 2Let R (full) be the value of R for the second equation and R (reduced)
2
be the value of R for the first equation. The null hypothesis — the full
equation is not superior to the reduced equation — is tested by testing
3^^4,2 ~ ^n+2 ~ ~ ^n+m ~ This is tested by use of the F ratio
[R^ (full) - (reduced)1/m_ ^
[1 - (full)]/(T - n - m) ni,T-n-m
10
where T is the total number of observations.
The test of H^l tests the hypothesis that adding the one subjective
variable (intended acres) to the equation containing the objective variables
does not increase the proportion of explained variance in planted acres.—^
The test of Hq2 tests the hypothesis that adding the objective variables to
an equation containing the subjective variable does not increase the pro
portion of explained variance in planted acres. The test of Hq3 tests the
hypothesis that adding more than one subjective variable to an equation
containing objective variables does not increase the proportion of explained
variance in planted acres. The test of tests the hypothesis that adding
data on intended plantings of competitive crops does not increase the pro
portion of explained variance. The test of Hq5 tests the hypothesis that
adding objective variables and intended plantings of competitive crops to
an equation containing one subjective variable does not increase the
proportion of explained variance.
The four equations for each crop were first estimated by ordinary least
squares (OLS). Equations which had significant Durbin-Watson d statistics
were re-estimated by an autoregressive error procedure (ALS).
Regression Analyses Results
This paper presentis only the estimated equations for corn (Table 3) and
soybeans (Table 4). Results for sorghum, oats, barley, and wheat are
presented in an unpublished dissertation [12] and are briefly summarized
here.
In Tables 3 and 4 the first line for each variable presents estimated
2
coefficients. The values in parentheses are t-ratios. R is the coefficient
_2
of multiple determination: R is the coefficient of multiple determination
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Table 3. OLS Estimates, U.S. Corn Planted, 1952-197A. (Dependent Variable
= APCN^)
Variables and
Statistics
Constant
AICN.
AISB.
AIGM.
PICN.
DPCN.
FSB
t-1
PSSB.
PIGM.
YECN.
YESB.
YEGM.
DVSIX
•52
Eg. 1
•39,558.33
(-0.84)
14,549.76***
(3.34)
1,947.20
(0.18)
4,175.24
(0.98)
•15,824.21***
(-3.58)
-6,785.09*
(-2.01)
-28.86
(-0.24)
7,748.10**
(2.78)
-506.98**
(-2.64)
14,992.92**
(4.56)
-3,204.03**
(-2.89)
33.081***
Eg. 2
9,469.70
(1.18)
0.85***
(7.87)
62,050***
Eg. 3
•44,586.33
(-0.94)
0.17
(1.04)
11,235.69*
(2.09)
837.87
(0.08)
4,548.07
(1.07)
•13,903.44***
(-2.92)
-6,281.36*
(-1.85)
24.52
(0.19)
7,136.94**
(2.52)
-547.18**
(-2.81)
13,840.22***
(4.00)
-2,897.99**
(-2.53)
30.376***
Eg. 4
•16,542.47
(-0.24)
0.1845
(0.97)
-0.6744
(-0.96)
-0.0134
(-0.03)
7,805.88
(0.95)
-8.339.85
(-0.57)
5,417.02
(1.10),
•12,663.41**
(-2.34)
-4,911.40
(-0.98)
113.92
(0.68)
5,786.56
(1.57)
-564.44**
(-2.76)
14,625.74***
(3.74)
-1.459.61"
(-0.78)
23.665***
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Table 3. Cont'd.
Variables and
Statistics Eg. 1 Eg. 2 Eg . 3 Eg. 4
0.9650 0.7471 0.9681 0.9716
0.9300 0.7218 0.9298 0.9219
D.W. 1.917 1.33 1.886 1.995
•ft
Significant at .10 level,
ii-k
Significant at .05 level,
ifk-k
Significant at .01 level,
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Table 4. ALS Estimates, U.S. Soybeans Planted, 1952-1974 (Dependent Variable
= APSB.
Variables and
Statistics Eq. 1 Eq. 2 Eq. 3 Eq. 4
Constant -14,389.221
(-0.73)
279.9632
(0.74)
329.5266
(0.04)
-5,507.446
(-0.58)
AISB^ 0.9948***
(89.03)
0.9965***
(4.16)
0.873,32*'
(3.75)
AICNj. 0.12942
(1.64)
5,729.274**
(2.65)
1271.804
(0.95)
2,462.i53
(1.69)
PSSB^ -186.297
(-0.07)
-473.4144
(-0.29)
-197.2888
(-0.12
PICN^ -6,105.841
(-1.68)
-925.538
(-0.43)
-4,093.283
(-1.46)
APSB^_1 0.22734
(1.08)
-0.1957
(-0.98)
-0.058416
(-0.31)
YESB^ 418.639
(0.45)
-117.193
(-0.27)
-377.2739
(-0.86)
YECNj. 334.706***
(2.97)
116.202
(1.3A)
145.4029
(1.60)
F 95.36*** 7925.43*** 540..15*** 634.78***
r2 0.9745 0.9974 0.9963 0.9974
R^- 0.9568 0.9968 0.9932 0.9948
^1 -0.2134
(-1.00)
0.3021*
(1.609)
0.249
(1.17)
0.3265*
(1.56)
^2 0.0258
(0.121)
0.4358***
(2.322)
0.106
(0.50)
0.196
(0.94)
^Significant at .10 level.
**Significant at ,05 level.
***Significant at .01 level.
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adjusted for number of independent variables. F is the F-ratio for testing
the significance of each estimated equation, s is the standard error of
estimate, D.W. is the value of the Durbin-Watson d statistic, r^ and
are the first-order and second-order autoregressive error coefficients.
Corn
Equation 1, which contains objective variables, has a high value of
2
R . Most of the coefficients of the variables contained in this equation
are highly significant. Adding intended acreages of corn, soybeans, and sorghum
to Equation 1 to obtain Equation 4 reduced the level of significance of the
other variables. The coefficients of DPCN^, PSB^_^ and YECN^ are nonsigni
ficant at the 10 percent level in all three equations containing them. The
coefficients of PSSB^, YEGM^ and DVSIX are significant in the three equations
containing them.
The coefficient of AICN^ is highly significant in Equation 2, which
contains only one explanatory variable. When adding the other explanatory
variables to obtain Equations 3 and 4, the coefficient of AICN^ becomes non
significant.
Soybeans
Four models of soybean supply response were estimated by the second-
order autocorrelation regression procedure. Equations 2 and 4 have the same
2 2value of R . R in Equation 1 is rather high at 0.9745. Adding intended
acreages of soybeans and corn to Equation 1 tended to reduce the level of
significance of the other variables. The coefficient of AISB^ is highly
significant in all three equations containing it. The coefficients of
PSSB^, PICN^, APSB^_^ and YESB^ are nonsignificant at the 10 percent level in
the three equations that contain them.
15
Sorghum
Four equations for sorghum acreage were estimated by a second-order
2
autoregressive regression procedure. The value of R for Equation 2 was 0.84.
2
Values of R for other equations exceeded 0.97. However, adding four sub
jective variables (AIGM^, AISB^, AICN^ and AIWT^) to Equation 1 reduced the
level of significance of the other variables. The coefficients of PIGM^,
PSB PSSB , PFWT , PWT PICN , PFCT , YEGM and YECN are nonsignificant
at the 10 percent level in all three equations.
Oats
Equations for oat acreage were estimated by the third-order autoregressive
2
regression procedure. Equation 1 has a high value of R (0.9970) and all
2coefficients except those of PIOT^, YEWT^ and Tg^ are significant at the 10 per
cent level. Adding three subjective variables (AIOT , AIBY and AIWT ) to
Equation 1 reduced the level of significance of the other variables. The
coefficients of AIOT^, PWT^_^, T67 are significant in all equations. The
coefficient of PFOT^ is nonsignificant in all equations.
Barley
Equations for barley were estimated by a third-order autocorrelation
regression procedure. Adding three subjective variables (AIBY^, AIOT^ and
AIWT^) to Equation 1 did not have much effect on the level of significance
of the other variables. However, adding those three variables results in a
2higher R , and the coefficients of all three added variables are significant.
The coefficients of AIBY^ and PIBY^ are highly significant in all equations
that contained them. The coefficients of YEBY^, YEOT^, YEWT^ and T52 are
nonsignificant at a 10 percent level in all three.
Wheat
Equations for wheat acreage were estimated by the second-order auto-
2
correlation regression procedure. The R for Equation 1 is 0.9220.
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Adding three subjective variables (AIWT , AIOT and AIBY ) increased the
L* Li ^
level of significance of other variables. Furthermore, the coefficients of
all subjective variables themselves are highly significant at a 1 percent
level. The coefficients of AIWT^ in three equations are strongly significant
at a 1 percent level. The coefficients of DPWT^, PWT^_^ and YEOT^ are non
significant in all three equations.
F Ratios .
Values of F ratios used to test the null hypotheses are presented in
Table 5. Interpretations of the F ratios are presented in Table 6.
Hypotheses H^l (3 i 1) and (4 i- 1) test the hypothesis that a
better explanation of variations in acres planted is not obtained by using
objective data and subjective data together than is obtained by using
objective data alone. This hypothesis is rejected for soybeans, oats,
barley, and wheat. Hq2 (3 / 2) tests the hypothesis that a better explana
tion of variations is not obtained by using a combination of subjective
and objective data than is obtained by using subjective data alone. This
hypothesis is rejected for corn, sorghum, oats, barley and wheat. For three
crops (oats, barley, and wheat), a better explanation of variations in
planted acres is obtained by using both types of data together than is
obtained by using either type alone. For soybean, using both types of data
does better than using objective data alone, but does not do better than
using subjective data alone. For corn and sorghum, using both types of data
yields better results than using subjective data alone.
3) concerns the effect of adding subjective data on intentions
to plant competitive crops to an equation containing one subjective variable
and objective data. This hypothesis is rejected for soybeans, barley and
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wheat, leading to the conclusion that Intended acreages for competitive
crops as well as intended acreage of crop C affect planted acreage of '
crop C. Hq5 (4 2) concerns the effect of adding intentions to plant
competitive crops and objective data to an equation containing one subjective
variable: own-crop planting intentions. This'hypothesis is rejected for
corn, oats, barley, and wheat.
—2Onyihe basis of the F tests and values of R , the following equations
are selected as the superior equation for each commodity.
Corn: eq. 1
Soybeans: eq. 2
Sorghum: eq. 1
Oats: eq. 3
Barley: eq. 4
Wheat: eq. 4
The results indicate that use of the March 1 prospective plantings will
yield more accurate forecasts of actual plantings of soybeans, oats, barley,
and wheat than can be obtained by using objective data alone. Use of the
prospective plantings will not improve accuracy of forecasts of corn and
sorghum plantings.
TURNING POINT ANALYSES
In addition to the F ratios of the previous section, a study of turning
points (TP) provides relevant information for this study. For our purposes,
turning point is said to occur in the series at time t if
"gn (^t+l - + sign (Y^ - Y^_^)
r\We used a measure of correlation and x to test the hypothesis of independence
I20
between actual and estimated TP. To compute the statistics, we used a
contingency table like Table 7. The n^^ are defined as
n^^ = number of turning points which actually occurred and were
estimated,
n^2' ~ number of turning points that did not occur but were
estimated,
^21 ~ Tiumber of turning points that actually occurred but were
not estimated,
11^2 = number of turning points that actually did not occur and
were not estimated.
n. = n.- + n.« for i = 1,2:
1. il x2 ' '
n . = n- . + n«. for 1 = 1,2; .
'3 ^3 ^3
2
Then t and x obtained from
"ll"22 " ^12^21
" r >1/2
^^1.^2.".l".2^
2 2
X = n.T
2
The value of x tests the hypothesis of independence, t is a measure of
correlation and its value provides a measure of the direction of dependence if
dependence exists. If ~ 1^21 ^ then t = 1 and the estimated series
exactly reproduces all the actual turning points, and predicts no turning
points that do not exist. If and are small relative to n^^ and ^22?
then T is close to unity. If n^^ = n22 ~ 0* then t = -1 and the estimated
series reproduces none of the actual turning points but predicts a turning
Table 7. Contingency Table
T.P. were estimated
T.P. were not estimated
Column total
21
T.P.
actually
occurring
n
11
21
n
.1
T.P.
did not
occur
n
12
22
n
.2
Row
total
"r
^2*
n
22
point every time one does not occur. If n^^^ and small relative to
n^2 ^21* close to minus one.
' 2
Table 8 presents values of t and x equation 1 for each crop and
for an equation containing a subjective variable.
Equation 1 contains only objective variables. Equation 4 contains
objective and subjective variables. For corn, soybeans, and sorghum, the
2 2
values of x equation 1 are nonsignificant but the values of x
2
equation 4 are significant. For barley and wheat, all values of x
significant. But the values of t are negative for equation 1: there is a
significant negative correlation between actual TP and TP estimated from,
equation 1 for barley and wheat. For oats, neither equations 1 nor 3
provide estimates of TP that are significantly correlated with actual TP,
For 5 of the 6 crops studied, adding subjective variables to an equation
containing only objective variables improved the accuracy of estimation of
TP. ^
For corn and sorghum, adding subjective data to an equation containing
2
objective variables does not improve the value of R but does improve the
accuracy of estimation of TP. For barley and wheat, adding subjective data
2
improves the value of R and the ability to reproduce TP.
CONCLUSIONS
The following results are consistent with the hypothesis that the best
post-March 1 forecasts of acres planted are obtained from a combination of
subjective and objective data:
a) F ratios and TP analyses for acres planted to barley and wheat,
b) F ratios for acres planted to oats,
c) TP analyses for acres planted to corn, sorghum arid soybeans.
F ratios for soybeans indicated that adding objective variables to March 1
23
Table 8^ x And Interpretation Of Turning Point Analyses
Crop Equation .T
2
y Interpretation
Corn 1 0.24 1.21
4 0.43 3.88*A R
Soybeans 1 -0.21 0.88 A
4 0.57 6.56AA R
Sorghum 1 0.16 0.54 A
4 0.37 2.87* R
Oats 1 -0.11 0.25 A
3 0,21 0.94 A
Barley 1 -0.45 4.27** R
4 0.67 9.43*** R
Wheat 1 -0.61 7.84*** R
4 0.61 7.84*** R
a/—A means accept the null hypothesis of independence between actual arid
estimated TP, R means reject the null hypothesis, .10 level used.
Significant at .10 level.
Significant at .05 level.
Significant at .01 level.
•k**
24
planting intentions does not improve ability to forecast soybean plantings.
In sum, the results do indicate that March 1 planting intentions are
useful in forecasting. They complement, but do not replace, objective data
(except for soybeans).
25
FOOTNOTES
—^In the rest of this paper, "subjective variable" refers to planting
intentions reported by the U.S. Department of Agriculture [26], Because
of the way they were computed, our measures of "expected yields per acre"
are not referred to as subjective variables.
26
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